~ ot ™ P -| | I ot -\ -| ' -J o\ of
INEUTraISNEWOrKSNECartidses
_f’ : S _J, _J. . —_J. - (4’\.‘3"_’
O aAtaIMIRNINS ORNINIMENSERES
Felllzigele) Qerzigzlzlzlt ) Laoplzifelo) S\ pezi®)
GERaldOMImbraossMantaiattosok

P

seomputerssciencelDeEpartment=rCORPE/URRIFRIONEEN ANEIRONBIaZI|

oy 4

Scomputessciencelnstitutes U RESNItEROIRbIaZl

\.

Summa

ry Architecture

Vk Vk+1 " Vk+n_1 Vk+n V' V' “un Vj+m_1 Vj+m

The performance of neural networks for time series / Ay
forecast is affected by several parameters such as Sample set | [ Optimization set Vi-3‘v}-2Vi-1 Vi
the type of neural network used and its Statistical cartridge p, 02 Evaluation set
configuration, but also by the quality of data Neural Networks Cartridges Controller

i Input data Neural cartridge Output data
preprocessing. All these parameters need to be cartridge cartridge
explored in order to obtain an optimal neural
network adequate for the data being analyzed. s
However, the manual establishment of different e =tu| [=v,,
neural networks configurations for selecting the best e '
ones may be error-prone and time-consuming. This "
paper proposes the development of neural networks £
cartridges to systematically empower neural network I
performance by means of data mining activities that Compatibility rule
explore different neural network structures and
different data preprocessing techniques. Each cartridge may be exchanged during the exploratory

phase using the training set of the time series and
validated using the optimization set.
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0.1500

0.1000 -

0.0500 -

0.0000

-0.0500

-0.1000

-0.1500

A non stationary affects the network training Outlier removal using the central limit theorem
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Optimization process
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The statistical analysis and outlier removal are applied

into the training and optimization set. The optimization
process explores different data normalization techniques,
different neural networks types, and different neural
networks configuration.

Normalization

Error Measurement

Neural network evaluation using optimization set
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Overall performance

Evaluation of the neural network performance
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